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ABSTRACT
Many people use web search engines for expectation exploration:
exploring what might happen if they take some action, or how
they should expect some situation to evolve. While search engines
have databases to provide structured answers to many questions,
there is no database about the outcomes of actions or the evolution
of situations. The information we need to answer such questions,
however, is already being recorded. On social media, for example,
hundreds of millions of people are publicly reporting about the
actions they take and the situations they are in, and an increasing
range of events and activities experienced in their lives over time.
In this presentation, we show how causal inference methods can be
applied to such individual-level, longitudinal records to generate
answers for expectation exploration queries.
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TALK DESCRIPTION
Everyone, at some point in their lives, finds themselves in an unfamiliar situation, considering what they should do, and trying to
understand what to expect of the future. We see evidence of such
expectation exploration in web searches, with people seeking the
possible consequences of their choices and the outcomes of situations. These explorations cover both consequential topics, such as
life-changing education and career choices (e.g., “Should I join the
military?”) or major financial and personal decisions (e.g., “Should
I move to California?”); as well as more quotidian topics, such as
the consequences of purchase decisions, athletic training regimens
and dating rituals.
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The answers to these questions are not readily available in a
knowledge base or Wikipedia. But, the information necessary to
answer these questions is already being recorded on social media,
where hundreds of millions of individuals regularly and publicly
report their personal experiences, including the situations they
are in, the actions they take, and the experiences they have afterwards. For example, people talk about work or relations health and
dietary practices, and even log information about their illnesses
and coping strategies. People report and share this information for
many reasons: keeping in touch with friends, gaining social capital,
diary-keeping, or even helping others. And with increasing use of
personal sensors and devices, from exercise trackers to health monitors, such data streams are becoming more regular, more detailed
and more reliable. These longitudinal data streams, in aggregate,
capture a rich set of relationships between the situations in which
people find themselves, the actions they choose to take, and the
outcomes they experience.
In this presentation, we describe how such individual-level, longitudinal datasets can be analyzed with causal inference methods
to directly identify what can be expected following some action or
individual experience. The result is a semi-structured expectation
map that captures how situations are likely evolve over time. These
expectation maps can be use as an important building block for
a wide variety of data-driven search, decision-support and forecasting applications—from automatically generating decision aids,
such as pros and cons lists, to helping individuals ground their
own experiences in how a situation is likely to evolve over time. In
addition, expectation maps may be useful for policy makers’ and
scientists’ explorations across a variety of domains.
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